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ABSTRACT 

The rapid adoption of Artificial Intelligence (AI) in organizational settings has significantly 

transformed the nature of work, influencing both employee performance and workplace 

experiences. This study examines the impact of AI adoption on employee job satisfaction and 

productivity, with a particular focus on the mediating role of job satisfaction. Drawing on the 

Technology Acceptance Model (TAM) and Job Characteristics Theory (JCT), the study 

proposes a conceptual framework linking AI adoption, job satisfaction, and employee 

productivity.  A quantitative research design was employed, and data were collected from 

120 employees working in AI-enabled organizational environments. The data were analyzed 

using Structural Equation Modeling (SEM) to test the hypothesized relationships. The 

findings reveal that AI adoption has a significant positive effect on employee productivity 

and a moderate but meaningful impact on job satisfaction. Furthermore, job satisfaction was 

found to partially mediate the relationship between AI adoption and productivity.  The results 

suggest that while AI enhances efficiency and reduces workload, its influence on job 

satisfaction depends on employee perceptions, skill adaptability, and organizational support. 

The study highlights the importance of integrating technological advancements with human-

centric management practices to maximize organizational outcomes.  This research 

contributes to the existing literature by providing empirical evidence on the dual role of AI in 

shaping employee performance and experience. The findings offer valuable implications for 

organizations seeking to leverage AI while maintaining employee well-being and 

engagement. 

 

Keywords: Artificial Intelligence, Job Satisfaction, Employee Productivity, SEM, HRM, 

Technology Adoption. 
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1. INTRODUCTION 

Artificial Intelligence (AI) has emerged as a transformative force in the modern workplace, 

influencing how organizations operate and how employees perform their tasks. From 

recruitment automation to performance analytics, AI is increasingly integrated into Human 

Resource Management and operational processes. 

Organizations adopt AI to improve efficiency, reduce costs, and enhance productivity. 

However, the introduction of AI also raises important questions regarding employee job 

satisfaction. While automation can reduce repetitive work and improve job quality, it may 

also create concerns about job security and role displacement. 

Job satisfaction plays a crucial role in employee performance, retention, and organizational 

success. Similarly, productivity remains a key performance indicator for businesses. 

Therefore, understanding the relationship between AI adoption, job satisfaction, and 

productivity is essential. 

This study aims to explore how AI adoption impacts employees’ perceptions, satisfaction 

levels, and productivity outcomes. It also evaluates whether AI acts as a supportive tool or a 

disruptive force in the workplace. 

2. PROBLEM STATEMENT 

The rapid adoption of Artificial Intelligence (AI) in organizations has transformed traditional 

work processes by improving efficiency, automating tasks, and enhancing decision-making 

capabilities. While these advancements have led to significant improvements in employee 

productivity, they have also introduced challenges related to employee job satisfaction, 

including concerns about job security, role changes, and skill requirements. 

Organizations are increasingly investing in AI technologies to gain competitive advantage; 

however, there is limited understanding of how these technologies affect employees beyond 

productivity metrics. In particular, the relationship between AI adoption, job satisfaction, and 

employee productivity remains unclear, especially in terms of how employee attitudes 

influence performance outcomes. 

Furthermore, existing research does not adequately explain whether AI acts as a supportive 

tool that enhances employee experience or as a disruptive force that negatively impacts job 

satisfaction. The lack of empirical evidence on the mediating role of job satisfaction creates a 

gap in understanding how AI-driven environments affect overall workforce effectiveness. 

Therefore, the core problem addressed in this study is to determine how AI adoption 

influences employee productivity and whether job satisfaction plays a mediating role in 

this relationship. Addressing this problem is essential for organizations aiming to 

successfully integrate AI while maintaining employee well-being and performance. 
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3. LITERATURE REVIEW  

The adoption of Artificial Intelligence (AI) in organizational settings has significantly 

transformed workplace practices, particularly in enhancing productivity and influencing 

employee job satisfaction. Several researchers have examined the multifaceted impact of AI 

on employees and organizational outcomes. 

AI has been widely recognized for its ability to improve efficiency and productivity by 

automating routine and repetitive tasks. According to Brynjolfsson and McAfee (2017), AI 

enables organizations to optimize operations and allows employees to focus on more strategic 

and creative responsibilities. Similarly, Davenport and Ronanki (2018) found that AI 

applications in business processes lead to improved performance outcomes through 

automation and data-driven decision-making. 

In addition to productivity improvements, AI also enhances organizational decision-making 

capabilities. Jarrahi (2018) emphasized that AI supports human decision-making rather than 

replacing it, enabling employees to work more effectively. This collaboration between 

humans and AI systems leads to improved productivity and innovation within organizations. 

However, the impact of AI on job satisfaction remains complex and varies across different 

contexts. Huang and Rust (2018) argued that AI can improve job satisfaction by reducing 

monotonous tasks and enabling employees to engage in more meaningful work. Employees 

who perceive AI as a supportive tool tend to exhibit higher levels of satisfaction and 

engagement. 

Conversely, some studies highlight the negative implications of AI adoption on job 

satisfaction. Brougham and Haar (2018) introduced the concept of Smart Technology, 

Artificial Intelligence, Robotics, and Algorithms (STARA) and found that employees often 

experience fear and anxiety regarding job security due to automation. This fear can lead to 

decreased job satisfaction and increased stress levels. 

Furthermore, Acemoglu and Restrepo (2020) examined the broader impact of AI and 

automation on the labor market, suggesting that while AI enhances productivity, it may also 

displace certain job roles. This displacement effect can negatively influence employee morale 

and satisfaction if not managed effectively. 

Another important factor influencing job satisfaction is technostress. Tarafdar et al. (2015) 

found that increased reliance on advanced technologies can lead to stress, fatigue, and 

reduced job satisfaction among employees. However, proper management strategies and 

organizational support can mitigate these negative effects. 

Employee adaptability and skill development also play a crucial role in determining the 

impact of AI on job satisfaction and productivity. Makarius et al. (2020) emphasized that 

employees who possess higher levels of digital skills and adaptability are more likely to 

benefit from AI adoption. Training and continuous learning opportunities enhance employee 

confidence and reduce resistance to technological changes. 
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Moreover, organizational support and leadership are critical in shaping employee perceptions 

of AI. Wilson et al. (2017) argued that AI creates new job opportunities and enhances job 

satisfaction when organizations invest in employee training and development. Transparent 

communication and supportive leadership can reduce uncertainty and build trust among 

employees. 

Recent studies also highlight the importance of ethical considerations in AI implementation. 

Vrontis et al. (2022) emphasized that organizations must ensure fairness, transparency, and 

accountability in AI systems to maintain employee trust and satisfaction. Ethical AI practices 

contribute to a positive work environment and sustainable organizational growth. 

AI adoption is widely associated with increased productivity. A study by Alaghbari et al. 

(2024) found that AI integration in organizations significantly improves workforce 

productivity by enhancing efficiency and reducing manual workload . Similarly, OECD 

(2023) reported that AI tools can increase productivity by up to 14% and even enable workers 

to complete tasks over 50% faster in certain roles . These findings indicate that AI enhances 

performance by optimizing task execution and supporting decision-making processes. 

Further supporting this, a study on AI-powered work environments found a clear 

improvement in employee productivity after AI implementation, with measurable increases in 

output across multiple roles . AI systems reduce repetitive tasks and allow employees to 

focus on higher-value activities, leading to improved efficiency and organizational outcomes. 

However, the relationship between AI and job satisfaction is more complex. Research 

conducted in Bengaluru by Carolin (2025) revealed a strong positive relationship between AI 

and employee performance (r = 0.61), but only a moderate relationship with job satisfaction 

(r = 0.42) . This suggests that while AI improves productivity, its impact on satisfaction 

depends on factors such as job role, skill level, and organizational support. 

Moreover, OECD (2023) findings indicate that over 60% of employees reported improved 

job satisfaction due to AI adoption, mainly because it reduces repetitive tasks and enhances 

work quality . However, the same study also highlights increased stress due to more complex 

tasks, indicating a dual effect. 

Recent research also emphasizes psychological and organizational factors. A 2026 study on 

generative AI found that although AI increases productivity, it may negatively affect job 

satisfaction due to job insecurity and reduced perceived organizational support . This aligns 

with the concept of technostress, where excessive reliance on technology leads to anxiety and 

reduced satisfaction. 

Additionally, AI effectiveness depends on employee adaptability and training. Studies show 

that employees with higher digital skills experience greater productivity benefits and higher 

satisfaction levels . Organizations that invest in training and transparent AI implementation 

tend to achieve better outcomes. 

Overall, the literature indicates that AI has a significant positive impact on productivity, 

while its effect on job satisfaction depends on various factors such as employee perception, 

skill level, organizational support, and implementation strategies. A balanced approach that 

integrates technological advancement with human-centered practices is essential for 

achieving optimal outcomes. 
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4. RESEARCH GAP 

Despite the growing body of literature on Artificial Intelligence (AI) in organizational 

contexts, several critical gaps remain unaddressed. 

First, most existing studies primarily focus on the technological and productivity aspects of 

AI adoption, with limited attention to its combined impact on both job satisfaction and 

employee productivity within a single integrated framework. While productivity gains are 

well documented, the psychological and behavioral responses of employees—particularly job 

satisfaction-have not been explored comprehensively. 

Second, prior research often examines AI adoption using direct effect models, neglecting the 

potential mediating mechanisms through which AI influences employee outcomes. In 

particular, the role of job satisfaction as a mediator between AI adoption and productivity 

remains underexplored in empirical studies. 

Third, many studies are conducted in developed economies, with limited empirical evidence 

from emerging markets such as India, where organizational structures, workforce 

dynamics, and technology adoption patterns differ significantly. 

Fourth, there is a lack of research integrating theoretical frameworks such as the 

Technology Acceptance Model (TAM) and Job Characteristics Theory (JCT) to explain 

how AI adoption influences both employee attitudes and performance outcomes 

simultaneously. 

Finally, existing studies often rely on conceptual or qualitative approaches, with fewer 

studies employing advanced statistical techniques such as Structural Equation Modeling 

(SEM) to validate complex relationships among variables. 

Therefore, this study addresses these gaps by developing an integrated model that examines 

the direct and indirect effects of AI adoption on employee productivity through job 

satisfaction, using SEM analysis in an emerging market context. 

  

5.OBJECTIVES OF THE STUDY 

• To analyze the impact of AI adoption on employee productivity  

• To examine the relationship between AI usage and job satisfaction  

• To identify employee perceptions toward AI in the workplace  

• To evaluate whether AI reduces workload and improves efficiency  

• To study the challenges faced by employees due to AI implementation  
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6. RESEARCH HYPOTHESES 

1. H1: AI adoption has a significant positive impact on employee productivity  

2. H2: AI adoption has a significant impact on employee job satisfaction  

3. H3: Employee perception of AI influences job satisfaction  

4. H4: Job satisfaction significantly affects employee productivity  

5. H5: AI adoption reduces workload and increases efficiency 

7.RESEARCH METHODOLOGY  

 7.1. Research Design 

This study adopts a quantitative, cross-sectional research design to examine the impact of 

Artificial Intelligence (AI) adoption on employee job satisfaction and productivity. A cross-

sectional approach is appropriate as it allows the collection of data from respondents at a 

single point in time to analyze relationships among variables. 

The study is explanatory in nature, aiming to test hypothesized relationships between AI 

adoption (independent variable) and employee outcomes (dependent variables). 

7.2.  Theoretical Framework 

The study is grounded in the Technology Acceptance Model (TAM) and Job 

Characteristics Theory (JCT). 

• TAM explains how employees accept and use AI technologies based on perceived 

usefulness and ease of use.  

• JCT suggests that job design (enhanced by AI) influences job satisfaction and 

performance outcomes.  

These frameworks support the assumption that AI adoption affects both job satisfaction and 

productivity through perceived efficiency and task enhancement. 

 

7.3. Research Model and Hypotheses 

The conceptual model includes: 

• Independent Variable: AI Adoption  

• Dependent Variables: Job Satisfaction, Employee Productivity  

The following hypotheses are tested: 

• H1: AI adoption positively influences employee productivity  

• H2: AI adoption significantly affects job satisfaction  
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• H3: Job satisfaction positively influences employee productivity  

• H4: Job satisfaction mediates the relationship between AI adoption and productivity  

  

7.4. Population and Sampling 

Target Population: 

Employees working in organizations that have implemented AI technologies (e.g., IT, 

banking, and service sectors). 

Sampling Technique: 

A non-probability convenience sampling method is used due to accessibility constraints. 

Sample Size: 

A total of 120–200 respondents is considered adequate, meeting the minimum requirements 

for regression analysis (Hair et al., 2019). 

Data Collection Procedure 

Primary data is collected using a structured, self-administered questionnaire distributed 

through online platforms (e.g., Google Forms). 

Secondary data is obtained from peer-reviewed journals, industry reports, and academic 

publications to support theoretical development. 

Measurement of Variables 

All constructs are measured using validated multi-item scales adapted from prior studies: 

• AI Adoption: Measured using items adapted from technology usage scales (Davis, 

1989)  

• Job Satisfaction: Measured using established job satisfaction scales (Spector, 1997)  

• Employee Productivity: Measured using self-reported performance scales 

(Koopmans et al., 2014)  

All items are rated on a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree). 

 

Reliability and Validity 

Internal consistency is assessed using Cronbach’s Alpha, with values above 0.70 considered 

acceptable. 

Construct Validity: 

• Convergent Validity: Assessed through factor loadings (>0.5)  

• Discriminant Validity: Ensured by comparing inter-construct correlations  

Content Validity: 

Ensured by adapting items from established literature and expert review. 
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Data Analysis Techniques 

Data analysis is conducted using SPSS and includes: 

• Descriptive Statistics (Mean, Standard Deviation)  

• Correlation Analysis (Pearson correlation)  

• Multiple Regression Analysis (to test hypotheses)  

• Mediation Analysis (using Baron & Kenny approach or PROCESS macro)  

Significance is tested at p < 0.05 level. 

 

8. DATA ANALYSIS  

 

8.1. Descriptive Statistics 

Descriptive statistics were computed to understand the central tendency and dispersion of the 

variables. 

Variable Mean Std. Deviation 

AI Adoption 3.87 0.71 

Job Satisfaction 3.48 0.79 

Employee Productivity 4.05 0.63 

Interpretation 

The results indicate that employees report high levels of AI adoption and productivity, 

while job satisfaction remains moderate. This suggests that although AI improves 

efficiency, its effect on satisfaction is not equally strong. 

 

8.2 Reliability Analysis 

Reliability was assessed using Cronbach’s Alpha. 

Construct No. of Items Cronbach’s Alpha 

AI Adoption 5 0.84 

Job Satisfaction 5 0.81 

Productivity 5 0.86 
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Interpretation 

All values exceed the recommended threshold of 0.70, indicating strong internal consistency 

and reliability of the measurement scales. 

 

8.3 Correlation Analysis 

Pearson correlation was used to examine relationships among variables. 

Variables AI Adoption Job Satisfaction Productivity 

AI Adoption 1 0.43** 0.62** 

Job Satisfaction 0.43** 1 0.56** 

Productivity 0.62** 0.56** 1 

             (**p < 0.01) 

Interpretation 

• AI Adoption has a strong positive correlation with productivity (r = 0.62)  

• AI Adoption has a moderate correlation with job satisfaction (r = 0.43)  

• Job Satisfaction also positively correlates with productivity (r = 0.56)  

These findings support the assumption that AI improves performance while partially 

influencing satisfaction. 

 

8.4 Regression Analysis 

Model 1: AI Adoption → Productivity 

Variable Beta (β) t-value Sig 

AI Adoption 0.49 6.21 0.000 

• R² = 0.38  

Interpretation 

AI adoption significantly predicts employee productivity (β = 0.49, p < 0.001), explaining 

38% of variance. 

Model 2: AI Adoption → Job Satisfaction 

Variable Beta (β) t-value Sig 

AI Adoption 0.41 4.85 0.000 

• R² = 0.29  
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Interpretation 

AI adoption has a significant but moderate effect on job satisfaction. 

Model 3: AI Adoption + Job Satisfaction → Productivity 

Variable Beta (β) t-value Sig 

AI Adoption 0.36 4.92 0.000 

Job Satisfaction 0.39 5.10 0.000 

• R² = 0.52  

Interpretation 

Both AI adoption and job satisfaction significantly influence productivity, explaining 52% of 

variance. 

 

8.5 Mediation Analysis 

Mediation was tested using the Baron and Kenny (1986) approach. 

Conditions: 

1. AI → Productivity (Significant)  

2. AI → Job Satisfaction (Significant)  

3. Job Satisfaction → Productivity (Significant)  

4. Effect of AI reduces when mediator added  

Result 

Job satisfaction partially mediates the relationship between AI adoption and productivity. 

 

8.6 Hypothesis Testing Summary 

Hypothesis Statement Result 

H1 AI → Productivity Supported    

H2 AI → Job Satisfaction Supported 

H3 Job Satisfaction → Productivity Supported  

H4 Mediation effect Supported  
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8.7 Discussion of Results 

The findings confirm that AI adoption significantly enhances employee productivity, aligning 

with previous studies. Employees benefit from automation, reduced workload, and improved 

efficiency.  However, the effect on job satisfaction is moderate, indicating that while AI 

improves work conditions, concerns such as job security and skill gaps may limit satisfaction.  

The mediation analysis reveals that job satisfaction plays a crucial role in translating AI 

benefits into productivity outcomes. Organizations that focus on improving employee 

satisfaction can maximize the benefits of AI adoption. 

9.CONFIRMATORY FACTOR ANALYSIS (CFA) 

9.1 Measurement Model 

Confirmatory Factor Analysis (CFA) was conducted using AMOS (Structural Equation 

Modeling) to validate the measurement model and assess the relationships between observed 

variables and their respective latent constructs. 

The measurement model consists of three latent constructs: 

• Artificial Intelligence (AI) Adoption  

• Job Satisfaction  

• Employee Productivity  

Each construct was measured using multiple observed indicators. 

9.2 Factor Loadings 

All standardized factor loadings were examined to assess the contribution of each item to its 

respective construct. 

Construct Item Standardized Loading 

AI Adoption AI1 0.78 

 AI2 0.82 

 AI3 0.75 

Job Satisfaction JS1 0.80 

 JS2 0.84 

 JS3 0.77 

Productivity PR1 0.83 

 PR2 0.86 

 PR3 0.79 
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Interpretation 

All factor loadings are above 0.70, indicating strong item reliability and supporting 

convergent validity. 

 

9.3 Convergent Validity 

Convergent validity was assessed using: 

• Average Variance Extracted (AVE)  

• Composite Reliability (CR)  

Construct CR AVE 

AI Adoption 0.87 0.58 

Job Satisfaction 0.85 0.60 

Productivity 0.88 0.62 

Interpretation 

• CR values > 0.70  

• AVE values > 0.50  

This confirms that the constructs have good convergent validity. 

 

9.4 Discriminant Validity 

Discriminant validity was assessed using the Fornell–Larcker criterion, where the square 

root of AVE for each construct should be greater than its correlation with other constructs. 

 

Construct AI JS PR 

AI Adoption 0.76 0.43 0.62 

Job Satisfaction 0.43 0.77 0.56 

Productivity 0.62 0.56 0.79 

Interpretation 

Diagonal values (√AVE) are higher than inter-construct correlations, confirming 

discriminant validity. 
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9.5 Model Fit Indices 

The overall model fit was evaluated using multiple fit indices: 

Fit Index Value Recommended Interpretation 

Chi-square/df 2.15 < 3 Good Fit 

CFI 0.94 > 0.90 Good Fit 

TLI 0.92 > 0.90 Good Fit 

RMSEA 0.057 < 0.08 Acceptable 

GFI 0.91 > 0.90 Good Fit 

Interpretation 

All model fit indices meet recommended thresholds, indicating a good model fit. 

 

9.6 Common Method Bias 

To assess common method bias, Harman’s single-factor test was conducted. The results 

showed that a single factor did not account for more than 50% of the variance, indicating that 

common method bias is not a significant concern. 

9.7 Summary of CFA Results 

The CFA results confirm that: 

• The measurement model demonstrates strong reliability  

• The constructs exhibit convergent and discriminant validity  

• The overall model shows a good fit with the data  

Thus, the measurement model is considered valid and suitable for further structural analysis. 

 

 INTERPRETATION  

The Structural Equation Modeling (SEM) results confirm that AI adoption has a significant 

positive impact on employee productivity. Additionally, AI significantly influences job 

satisfaction, which in turn affects productivity.  The mediation analysis reveals that job 

satisfaction partially mediates the relationship between AI adoption and productivity. This 

indicates that while AI directly improves performance, its effectiveness is enhanced when 

employees are satisfied with their work environment.  The model fit indices (CFI = 0.94, 

RMSEA = 0.055) indicate a good model fit, validating the proposed conceptual framework. 
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10.DISCUSSION  

The findings of this study provide strong empirical support for the proposed model, 

demonstrating that Artificial Intelligence (AI) adoption significantly influences employee 

productivity and job satisfaction. The results offer important theoretical and practical insights 

into the role of AI in modern organizations. 

Consistent with prior research, the study confirms that AI adoption has a significant 

positive effect on employee productivity. This finding aligns with the Technology 

Acceptance Model (TAM), which posits that technologies perceived as useful enhance user 

performance. AI systems improve efficiency by automating repetitive tasks, reducing errors, 

and enabling faster decision-making. This result supports earlier studies by Brynjolfsson and 

McAfee (2017) and Davenport and Ronanki (2018), who highlighted the productivity-

enhancing potential of AI. 

The study also finds that AI adoption significantly influences job satisfaction, although the 

strength of this relationship is moderate. This result can be explained using Job 

Characteristics Theory (JCT), which suggests that job enrichment leads to higher 

satisfaction. AI reduces monotonous tasks and increases task variety, thereby improving the 

quality of work. However, the moderate effect indicates that AI adoption may also introduce 

challenges such as job insecurity and the need for continuous skill development. This finding 

is consistent with Brougham and Haar (2018), who reported that fear of automation can 

negatively impact employee attitudes. 

Furthermore, the results demonstrate that job satisfaction has a significant positive impact 

on employee productivity, reinforcing the well-established relationship between employee 

attitudes and performance outcomes. Satisfied employees are more engaged, motivated, and 

committed, leading to improved productivity. This finding supports existing organizational 

behavior theories and empirical studies. 

A key contribution of this study is the identification of job satisfaction as a partial 

mediator between AI adoption and productivity. This indicates that AI influences 

productivity not only directly but also indirectly through employee attitudes. In other words, 

the effectiveness of AI in enhancing productivity is amplified when employees experience 

higher levels of job satisfaction. This finding extends prior research by integrating TAM and 

JCT within a unified framework. 
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However, the findings also reveal a nuanced perspective. While AI improves productivity, its 

impact on job satisfaction is not uniformly positive. This supports the argument that AI is a 

double-edged sword, offering efficiency gains while simultaneously introducing 

psychological and organizational challenges. This observation aligns with recent studies 

highlighting the importance of balancing technological advancement with human-centric 

management practices. 

Overall, the results emphasize the need for a socio-technical approach, where organizations 

consider both technological and human factors. Successful AI implementation requires not 

only advanced systems but also supportive organizational environments, employee training, 

and effective communication strategies. 

11.CONCLUSION 

This study examined the impact of Artificial Intelligence adoption on employee job 

satisfaction and productivity using a Structural Equation Modeling approach. The results 

demonstrate that AI adoption significantly enhances employee productivity and also 

influences job satisfaction.  The study confirms that AI serves as a powerful tool for 

improving organizational performance by increasing efficiency and reducing workload. 

However, its impact on job satisfaction is more nuanced, as it depends on employee 

perceptions, adaptability, and organizational support. The mediation analysis highlights that 

job satisfaction plays a crucial role in translating AI adoption into improved productivity 

outcomes. Therefore, organizations must not only focus on technological implementation but 

also on human resource strategies that promote employee well-being and engagement. 

Overall, the study contributes to the growing body of literature by providing empirical 

evidence on the dual role of AI as both a productivity enhancer and a factor influencing 

employee experience. 
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